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abstract

Auditory methods are used to understand the
contents of text. There are advantages such as
hands-free and eyes-free if the contents can be grasped
by hearing. Using hearing to understand text take
time unlike vision which can look over text. In this
research, we focus on Twitter. User is presented with
a list of topics generated from the timeline, and select
some topics. Then the application plays tweets related
to the topics. This reduces the difference between the
time spent on vision and hearing. In this research,
we seek a method that enables topic classification in
each individual’s timeline. We conducted experiments
using conventional methods for news and Twitter. I
used k-means, 77% of tweets about a topic could be
collected into one cluster. However, it has not been
possible to propose a method to specify what the
cluster is like. As a solution, there is a method to
indicate with multiple words.
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