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Abstract

Currently, there is a large amount of digital music available
on the Internet. In the field of music retrieval, an
important issue is to accurately and quickly retrieve the
music consumer’s target music from such a large music
database. In this paper, We propose a new music retrieval
system that can retrieve music from a music database using
monophonic melody phrases played on musical instruments.
In this system, melody phrases were represented as strings
and used as training data for fastText. After learning, search
for phrases with high cosine similarity to the input phrase
using distributed representation. The experimental results
showed that the proposed method achieved comparable
values of MRR and Top-10 hit rate to those of the
conventional method. However, the proposed method was
constructed using a much larger database of approximately
42,000 songs, compared to the conventional studies that
utilized a database of only about 4,400 songs. This suggests
that the proposed method is superior as a search system,
given its larger scale and broader coverage of the music
database.
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2. Segmentation Example
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5. Piano roll of query and correct music: top is correct

music, bottom is query
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6. Queries with many ghost notes and their correct parts
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