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Laughter synthesis in a chat dialogue system to entertain people
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Abstract

A method for synthesizing laughter in a chat dialog sys-
tem aimed at entertaining people is proposed. The conven-
tional WaveNet method did not generate laughter with into-
nation, and sometimes generated laughter that was mostly
unvoiced. In this study, the TTS system, VOICEVOX, is
used to generate voiced laughter. In addition, speech trans-
formation using the VAE model is used to enhance natural-
ness. OGVC is used because it is assumed that the training
data contains a lot of laughter. Listening experiments were
conducted to evaluate the naturalness of laughter. Further-
more, an experiment was conducted on the dialogue when
laughter was inserted into the chat dialogue system to eval-
uate the excitement of the dialogue and the willingness to
chat. The MOS of the original voice was 4.6, the MOS
of laughter using the conventional method WanveNet was
1.8, and the MOS of laughter using the proposed method
was 1.1. The dialogue excitement rating was 3.0, and the
willingness to dialogue 2.3. The MOS of laughter using the
proposed method was smaller than that of the original voice
but close to that of laughter using WaveNet. The proposed
method can generate natural laughter voices equivalent to

those of conventional methods.
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