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Abstract

In recent years, with the spread of large scale video sharing
sites such as YouTube and TikTok, there are more and more
opportunities to post videos that one has created. However,
for a amateur video editor, it takes a lot of effort and time
to find the desired music from a huge number of music can-
didates. For this reason, several systems have been studied
to recommend music suitable for videos, but they often use
objective evaluations from the viewers of the videos. In this
research, we extract features from text data such as hashtags
and perform regression analysis to estimate the acoustic fea-
tures of the corresponding music and search the database.
We also demonstrated the usefulness of the system by using
an evaluation dataset to verify whether the BGM originally
assigned to the input video and text data was output as a

recommended song.
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