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abstract

This research proposes a Japanese proper noun speech
recognition system for sports live audio. Currently, TV sub-
titles are assigned manually and partially using speech recog-
nition.There is a need for subtitling using full speech recog-
nition.In this study, the accuracy of proper nouns in sports
live audio was improved.There are several effective ways to
improve recognition performance of proper nouns, but a
method using a Large language Model is focused on.First,
a list containing several results from existing speech recog-
nition systems is output.The list, natural language instruc-
tions and prior information are then prompted to a Large
language Model to generate correct subtitles. These results
showed improvements of approximately 2~6% for CER and
5~20% for PCER for the two large language models. We
would like to apply the proposed method to various situa-

tions in the future.
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